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5. AROBERKNIRO L BY THS.
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Table 1 Avenue D& 5

Ours Future
Ours only STAN[3] frame SRNNT1]
STN prediction[7]
AUROC?T 0.897 0.868 0.872 0.851 0.817
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JEME 2R | HE JZS Kt | mR—%
mloU(%) | 45.0 73.5 81.4 68.3 65.8
B K7 | & | BB | sk T8 kA
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